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Abstract

Studies on Al bias and the ways to mitigate it are plenty, but what about human bias in the face
of Al translation? As Al translation tools get more sophisticated and their role in mediating cross-
linguistic communication increases, especially in multilingual contexts, understanding how
native speakers perceive and judge Al outputs becomes essential. This study aims to investigate
how accurately Al translates spoken Arabic (with its dialectical variations) and how human bias
might shape such evaluation. This research uses a mixed-method approach to combine
quantitative accuracy assessment and qualitative insights from native speakers of Arabic. It also

investigates whether preconceptions about Al might impact translation assessment. This research
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sheds light on the relationship between technological advancement and human perception. The
results of this study contribute to the ongoing discussions concerning the evolving role of Al in
translation, revealing further understanding regarding the reliability of machine translation as

perceived by humans.
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1. Introduction

Al-powered tools nowadays have developed in such a way that they regularly generate human-
like outputs, and people have started incorporating Al in all facets of life. Translation was
incorporated into Al research and development as a main cross-linguistic and cross-cultural means
of communication and an essential proponent of today’s globalised world, due to the growing
demand for quick and accurate translations. Translation between any language pair naturally
endures some challenges, especially if the pair in question are from distinct language families with
varying syntactic divergence and morphological complexity, as is the case with Arabic and English.
Translating between these two languages is already an arduous task for human translators, so it is
no wonder that Machine Translation (MT) and Al translation would also face some challenges in
rendering accurate translations.

There is extensive research on translation between Arabic and English, but the Arabic in research
so far has been mostly Modern Standard Arabic (MSA). Arabic is curious in the fact that its formal,
written form and its spoken form are significantly different. As a well-known example of diglossia,
its formal variety (taught in schools and used in written formal communication) differs
linguistically from its spoken variety (acquired natively and used in all verbal communication)
(Zbib et al., 2012). Such spoken variety of Arabic is referred to as dialect and the Arab world has
that in abundance, due to varying geographical and socio-economic conditions of native speakers.

While MSA is still present in all formal types of communication, it is dialectical Arabic that governs
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informal day-to-day interactions, both spoken and written. Now media in all forms uses spoken
Arabic (SA) to communicate with all types of audiences, and in order to reach further audiences
globally, translation is a necessity. The literature is, however, lacking when it comes to translating
SA. The norms regulating translation between MSA and English do not apply to translating SA.
With the increasing use of Al, and most interactions being in dialectical varieties, research into Al
reliability in translating SA is much needed.

And while it is true that Al output is at times treated with contempt, it is still part of today’s
consumed content. Taking into consideration that Al uses feedback from users to modify its output,
a look into the perception of humans providing this feedback is worthwhile. Al offers significant
benefits in cross-linguistic communication; that is why it is crucial to address the ethical concerns
accompanying its use, like bias in this case. Insights on this aspect of Al research would lead to
fair, responsible, and reliable translation practices.

1.1. Literature review

The sophistication of Al models and using advanced language models have helped Al-powered
tools produce content that closely resembles human writing, making its detection increasingly
difficult (Nguyen et al., 2023; Fraser, 2024). Humans’ inability to detect Al-generated translations
is a complex and multifaceted issue that is often hindered by flawed heuristics in the face of
sophisticated language models (Jakesch, 2023). This struggle in discerning Al-generated
translations can foster scepticism towards MT technologies, influencing users’ perception in a way
that they might question the authenticity and reliability of the content (Sadasivan et al., 2023).

The complex issue of audience bias towards Al translation encompasses various aspects, such as
algorithm bias, cultural and sociopolitical implications, and ethical concerns. As Al becomes
further integrated into communication, displaying such biases could impact audience perception of
Al content. Much of the existing literature on Al translation examines Al bias. For quality
assessment, it is a valuable area of study indeed, as some Al tools have been noted to display gender

and racial stereotypes when translating, due to biased data they were trained on. Prates et al., (2020)
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mention how Google Translate defaults to male pronouns in STEM-related job descriptions in a
gendered context. And as Escudé Font (2019) iterates, such biases can instil harmful stereotypes
by misrepresenting gender roles or inaccurately reflecting demographic distributions.

A study by Shahmerdanova (2025) highlights some Al translation challenges including cultural
sensitivity and ethical concerns in various contexts and their role in affecting audience perception
and acceptance of Al-generated translation. Caliskan (2023) stresses how implicit biases (regarding
gender, race, ethnicity, etc.) can influence human assessment of Al-generated translations, and
suggests that statistical regularities in language corpora might be to blame for affecting perceptions
and interpretations of Al-generated content. According to Ji et al. (2023), Neural Machine
Translation (NMT) is liable for misleading users by exhibiting cultural and linguistic biases and
altering the interpreted meanings to fit the conventions and expectations of the target language
audience, regardless of accuracy.

In a study by Zhu et al. (2024), 'human ego' was identified as a cognitive bias impacting
assessment, where individuals prefer human-generated content due to their unwillingness to
acknowledge AI’s superiority in some creative and intellectual endeavours. This bias greatly affects
perceptions of Al performance in creative writing contexts.

Zaki and Ahmed (2024) posit that biases present in training data can lead to biased translations
in Al systems. As such, addressing audience bias demands research focused on identifying and
mitigating these biases to guarantee culturally sensitive and inclusive translations across various
contexts. Li (2025) points out how Al often struggles with translating cultural and linguistic
nuances, leading to mistranslations or hollow translations. This in turn can affect human detection
and perception due to the misrepresentation of cultural connotations, which ultimately diminishes
the authenticity and effectiveness of crosslinguistic communication. This supports what Wells
(2022) earlier expressed about how Al mistranslations of cultural and linguistic nuances can
obscure context, leading to misinterpretations and loss of meaning, thus affecting how individuals

detect and perceive the intent behind translated content.
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Such issues will only be aggravated when there is no human oversight in Al translation since Al
tools might not account for sociopolitical dynamics that are inherent in language use (Wells, 2022).
Addressing audience bias towards Al translation, Deokar et al. (2024) suggest integrating
Explainable Al (XAl) techniques as an attempt to mitigate biases, enhance transparency, and foster
trust in Al-powered tools and Al-generated translations.

Quality-wise, studies demonstrate that in some contexts, Al-generated translations can match or
exceed human translations, but they still fall short when dealing with humour and cultural
references, thus impacting audience enjoyment and comprehension (Abu-Rayyash, 2024). The
reception of Al tools and Al-generated content differs across linguistic communities, with varying
perceptions influencing how such translations are trusted (Murayama et al., 2024). Studies reveal
how human raters usually exhibit a strong preference for texts labelled as ‘human-generated’ over
those labelled ‘Al-generated’, with a preference score exceeding 30% (Zhu et al., 2024), indicating
a deep-seated scepticism toward Al content.

1.2. Research importance

The literature is rife with research on both translation quality assessment and Al translation bias,
but the way this study approaches these two topics, entwining them and inferring new insights,
makes for a novel way of considering the matters at hand. With the enunciated differences between
MSA and SA, and the fact that the rules and the norms for translating one are naturally not the same
for translating the other, this surely calls for comprehensive research regarding the different aspects
of translating SA. This is where the importance of this research stems from. In attempting to test
the quality of the output of the current prominent Al-powered translation tools, this study builds on
existing research and furnishes further insights regarding the translation of dialectical varieties of
Arabic using Al.

On the other hand, while the matter of Al translation bias has been discussed in abundance,
human bias in the face of Al translations has not been studied enough. Bias against Al-created

content already exists, so would bias against Al-generated translation be any different? This is what
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the study aims to find out. People have started using Al to translate all types of texts and for all
types of purposes. This reliance, while not always well rewarded, is sometimes also not well-
perceived. The evaluation of Al-generated translations can be significantly influenced by various
cognitive biases that affect human judgment, and such biases can lead to irrational preferences or
perceptions regarding the quality of Al-generated translations compared to human-translated ones.
In order to mitigate this way of Al-translation perception, and in order to examine whether it is
even deserved, this study seeks to uncover any existing human biases toward Al translation.
Understanding these biases, if they do exist, is crucial for improving human-Al collaboration and
the overall acceptance of Al technologies.

1.3. Research questions

This study aims to ascertain two main points, as mentioned in the title: bias and quality in Al
translation of SA. Regarding quality, this research attempts to answer whether Al translation of SA
is up to par, which Al-powered translation tool handles this the best, and whether dialect plays a
role in how well this is achieved. As for bias, in this case, the research means to find out whether
or not preexisting notions about Al affect the assessment of translation (i.e. human good/Al bad, or
vice versa). The answers to these questions will undoubtedly propel research on Al and translation
forward.

1.4. Limitations

Due to constraints of time and resources, the quality assessment and the following survey were
each limited to the same ten excerpts. Any more than this amount of texts would have put survey
completion at risk, as it would have been too lengthy, tiring, and time-consuming for participants.
Text-wise, the source language of the texts was Arabic, and while dialect choice was as varied as
possible, this still was not enough to amount to all the spoken dialects of Arabic. And so, text choice
was limited to the Levantine, Gulf, and Egyptian dialects. The translation was into English only
and was made using the following Al-powered translation tools: ChatGPT, DeepL, Google

Translate, and DeepSeek. The assessment part was handled by the researchers and no other experts
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were consulted.
1.5. Methodology

This paper uses a mixed-method approach to get both qualitative and quantitative data that can
further enrich the field with the resulting insights. Seeing as the aim of this paper is twofold, i.e. to
assess which of the prominent Al-powered translation tools available these days is most helpful in
translating SA in its dialectical varieties, and to ascertain whether human bias affects such quality
assessment; the methodology used in this study is sectioned into two main parts as well. One part
is related to quality assessment and one part is concerned with the human perception in relation to
this assessment.

First, to test the quality of Al-generated translations, several variations were considered
regarding text choice (i.e. language, dialect, number, length, and topic) and Al-powered translation
tools. Ten short excerpts of SA were chosen from various media sources (including sitcoms,
travelogues, and daily vlogs, to name a few) whose creators belong to various Arab nationalities
and speak different dialects of Arabic. The reasoning behind this choice is that such media content
-being advertised globally on social media- belies the need for further global outreach and some
level of mutual understanding in the case of Arabic speakers. Thus, the excerpts chosen were ones
that are usually understood by any Arabic speaker, making it, in turn, easier to distinguish any
mishaps if mistranslated. The variety of dialects should help in assessing whether Al-powered
translation tools can distinguish and handle each dialect. The texts were chosen from various topics
in order to verify whether the context affects the quality of translation. While a more comprehensive
list of texts would have been preferable and richer in data, due to the use of these texts in the second
part of this study in a survey, it was best to contain the study within the suggested excerpts.

Each text was translated using the following Al-powered translation tools: ChatGPT, DeepL,
Google Translate, and DeepSeek, since they are currently the most sophisticated and continuously
updated. Based on established research, these tools were expected to handle Arabic translation well,

even if in this case it is SA translation. And in case they did not fare well in translation, then the
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ensuing results would still be used as a stepping stone into researching exactly in which areas Al
translation is lacking.

Using intuitive assessment and comparative judgment, the best translation of each set was set
aside to be used in the survey. As SA does not necessarily follow the rules of MSA, the way the
translations were assessed was more along the lines of readability, naturalness, accuracy, and word
choice. The other translations were rated best to worst afterwards, giving a proposed hierarchy of
best Al-tools in translating SA, thus concluding the quality assessment part of the test.

As for the second part of the test, which deals with the possibility of human bias in regards to
Al translations, the method used was a survey that was shared with native speakers of Arabic. The
participants were chosen using the nonprobability snowball sampling method, starting locally with
the Arabs studying at the University of Kerala, who in turn shared the survey form with their
acquaintances as they saw fit, to reach Arabs studying in other Indian universities. As the texts used
are of a variety of Arabic dialects, and the participants also belong to a variety of Arab countries, a
section at the start of the survey enquires about the nationality and the dialects recognized by each
participant, to see if such background has any effect on bias or assessment.

In order to check whether there were preexisting biases towards Al, a section of the survey
clearly asks the participants whether they have used Al to translate before, whether they can spot
Al translations, and what they think of such translations. And in order to check for any changes in
perception post-test, a section at the end of the survey checks again whether their views on Al
translations have changed after reviewing the translations.

In the assessment section of the survey, the participants were asked four questions in relation to
each text: 1) to rate the accuracy of the translation, 2) to rate the naturalness of the translation, 3)
to choose the main issues they found in the translation (if any exists), and 4) to guess whether the
translation was made by Al or a human translator. What the participants did not know, of course,
was that all the translations were Al-generated. In fact, they were the aforementioned ‘best

translations’ picked through the assessment in the first part of the test. The fact that some of the Al-
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generated translations were very human-like helped the matter. However, while hiding such crucial
information was necessary in order not to affect the way participants answer, thus guaranteeing the
most authentic data possible, it was still not ethical. To solve this, the introduction of the survey
only vaguely indicated the purpose of the study being related to Al translations as perceived by
humans, and a section was added at the end of the survey (post submission) indicating what the
purpose of the survey really was. A note was left for the participants to email the researchers in
case they feel curious about the answer results.

With the texts chosen, translated, and rated; and with the survey formed and administered, the

data was collected and analysed to be discussed in the next section.

2. Discussions

While assessing the quality of the Al-generated translation, a noticeable level difference was
observed immediately. DeepL and Google Translate usually fare well when it comes to Arabic-to-
English translation, but in the case of SA, there were many cases of mistranslation. In the case of
Text 8 (ol zola S8 W nlauls Lge il I aS) By 3aaly AIS) 4 aises 4usie), Deepl even
disregarded half of the text. It gave the translation “It must have been invented by a Palestinian
who didn't think outside the box” when the translation should have been more along the lines of
[Sambousa and Musakhan in one dish? It must have been a Palestinian who came up with this by
thinking outside the ‘plate’!].

For the most part, there was an apparent shortening of sentences and vague translation that
somewhat blurred the original meaning. For example, in Text 9 (dals @Y jals Gialh Lo pu s 1)
which can be literally translated as [He said okay/ready, but he wasn’t ready for anything],
involving a play on words, DeepL translated it as “Say yes, but never say yes to anything” and
Google Translate translated it as “He said yes but he didn't say yes to anything”. Both translations
are way off the mark here that only the pronoun and the negation survived the translation. The
resulting translations lack any sort of meaning or relation to the source text.

Similarly, in Text 2 (<)) s L JLle), which translates to [He s acting like a know-it-all], both
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DeepL and Google Translate gave such outlandish translations (“A worker for me in Abu Al-Arif”
and “He treated me like a chief”, respectively) that the resulting output hardly seems like a
translation any more.

On the other hand, both ChatGPT and DeepSeek were neck to neck in accurately translating the
texts, having almost identical translations in many cases. ChatGPT only had a slight edge on
DeepSeek in keeping the register of the texts in translation more apparent. Word choice-wise,
DeepSeek definitely ventured out to change some words to suit a logical output in English. Whereas
ChatGPT kept close to the original, even attempting a casual form of translation to preserve the
feel of the source text. For instance, in Text 7 (“lejl caaally (lla 5Lasd Ll Wil ¢LSY) salla) which
translates to [Our grandmothers were quite smart when they draped themselves with gold back in
the day], DeepSeck chose the term “invested in gold” while ChatGPT went with “decked themselves
out in gold”, the latter being closer to the correct meaning and register of the source text.

That does not mean that all the translations were accurate, however. All Al-powered translation
tools seemed to fumble with Text 6 (s 35 oo Ul Juadle Ul (i 5 Jalllh jla JSGe g ol a),
which can be translated as [I mean what a problem happened at work today! And I kept telling them
it had nothing to do with me. Where am | and where are you?]. While all the translations were
grammatically correct and gave the general meaning of “a problem happened at work that wasn’t
my concern”, the last part of the text was mistranslated in all instances and some inferences about
it were made in translation to suit the output regardless of what it meant in the source text. The last
part of the sentence should have been translated along the lines of “see the difference between what
I'm talking about and what you 're on about” or the literal translation “where am | and where are
you (in regards to the topic)”. Al-generated translations, however, were “What does that have to
do with me and you?”, “I am what | am and you are what you are”, “What's up with me and what's
up with you?”, and “What'’s it to me, and what’s it to you?”. Admittedly, this part can be particularly
tricky even when translated by a human, so the way it was mistranslated by Al was probably a

given.
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As for the survey, and across 50 answers, the results were mostly consistent. First, in the pretest
section, most of the participants answered that Al-generated translations are somewhat accurate.
They had high confidence in accurately spotting Al-generated translations where all answers were
either “very confident” or “moderately confident”. But at the end of the survey, this confidence
seems to shake a little. When asked post-test if their confidence in identifying Al-generated
translation has changed, 48% of the answers were “maybe” and 28% were “yes”. The remaining
24% that answered “no” seems a bit ironic when recalling that all the text translations were Al-
generated. Some of the participants added notes in the “other” section to mention that they double-
checked Al to see if it ‘really could translate dialects this well .

Not knowing in hindsight that all the translations were Al-generated, participants picked
“human” as the translator over 55% of the time in three cases (namely texts 1, 3, and 7). Meanwhile,
in the cases of texts (2, 8, 9, and 10), the results were = 50% for both Al and human translations.
The majority of participants selected Al translation for texts (4, 5, and 6). Out of the original ten
texts, which were all Al-translated, only these three texts were agreed upon by the majority of over
60% of participants as Al-translated.

In survey questions 2 and 3 (following each text translation), the participants were asked to rate
the naturalness of the translation and then to pick what the main issues were with the translation if
any existed. When the participants picked “human” for the translator, they always picked “very
natural” or “somewhat natural” and “no issues”. But incidentally, even when they selected “Al”,
they still mostly went with “somewhat natural” and “no issues”, i.e. responses that can be
considered a nonbiased assessment. In cases where the participants found fault in the translations,
they cited “lack of cultural/contextual nuances”, “misinterpretation” and “unnatural language/word
choice” regardless of whether they have selected Al or human as the translator. This can also be
taken as a sign of unbiased assessment. Even the previously mentioned 24% of participants, who
maintained they could distinguish Al-generated translation from a human-translated one when they

clearly could not, have still fairly evaluated the translations.
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3. Conclusions

Using the results discussed earlier, several inferences can be deduced. While Al translation of
SA is not up to par when compared to that of MSA, Al-powered translation tools are still developed
enough to distinguish the various dialects and come up with appropriate, mostly accurate
translations. They were not all at the same level, of course. ChatGPT delivered the most acceptable
and human-like translations, and DeepSeek was a close runner-up. Google Translate barely
managed to outrank DeepL as the latter gave the most disappointing and inaccurate responses.
Further research can delve into the reasons behind such abysmal results compared with the

outstanding output of ChatGPT and DeepSeek.

Dialect-wise, the Levantine dialect (especially if the context is humour) proved most difficult to
translate, as indicated by Al tools misinterpreting the meanings and thus by survey participants
pointing out the ensuing issues. Further research into the translation of the Levantine dialect (into
English or otherwise) can shed more light on what the cause of such problematic translations can
be. Furthermore, other dialects of spoken Arabic should be put to the test in the case of Al

translation to enhance and better generalise translation universals.

Concerning bias, while participants were not as good as they believed at detecting Al content,
they were still, for the most part, unbiased in translation assessment. The fact that they branded
some translations as Al-generated and some as human-translated did not affect further evaluation.
If the translation sounded natural and had no issues, it was reported as such. Likewise, when
participants disapproved of a translation, they mentioned any and all issues they recognised.
Background experience with Al and native nationality or dialect did not affect the evaluations, and
neither did the aforementioned ‘human ego’. Further research can look for the reasons that lead to

labelling one translation as Al-generated and one as human-translated.

This study was an attempt to enrich our understanding of the ever-evolving field of Al

translation. By connecting the topic to both quality assessment of Al-powered translation tools and
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human bias against such assessment, especially in the case of dialectical variations of SA, the

results of this study highlight the level of development reached so far, and stress the necessity for

such in-depth research and case studies to ensure the constant evolvement and reliability of Al

translation and MT technologies.

4.
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5. Appendix: List of texts used along with their translations (across Al-powered

translation tools) in no particular order

Text 1

-

E1-Ar e gl o9 Basld dayld Ll

Literal Translation | The world’s turned upside down here, what happened?

ChatGPT The world’s turned upside down here — what’s going on?

DeepL The world is standing still, here's what's going on

Google Translate | The world is standing here, what's happening?

DeepSeek The world is just sitting here, what's happening?
Text 2
E2-Ar iy ol ol g ale
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Literal Translation

He’s acting like a know-it-all.

ChatGPT

He's playing the know-it-all with me

DeepL

A worker for me in Abu Al-Arif

Google Translate

He treated me like a chief

DeepSeek He's acting all mysterious on me
Text 3
E3-Ar hbatiod L Caaw o35 ja (AU e b Gl

Literal Translation

Okay, Morsi. Next time please don’t act like a fool.

ChatGPT

Okay, Morsi, next time, please don’t play dumb.

DeepL

Morsi, please don't be a slave again.

Google Translate

Ok, Morsi, next time please don't make fun of me

DeepSeek Okay, Morsi, next time, please don't act foolish.

Text 4
E4-Ar Jsdll a jldias Lgadas o Jadil) (ha s ol8 &y 5 A
Literal Now do you want your money from oil, or would you rather leave it for
Translation state projects?
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ChatGPT Now you want your money from oil, or would you rather leave it for state
projects?
DeepL Do you want your money from oil if you give it to state projects?

Google Translate

Now you want your money from oil or leave it for state projects

DeepSeek Now you want your money from oil, or would you rather leave it for state
projects?
Text5

E5-Ar g 538 St (pae 8 IS Al AL 5 el Gulaly)

Literal Lab-grown diamonds are just like knockoff bags as we control their

Translation composition

ChatGPT Lab-grown diamonds are like a knockoff bag—we’re the ones controlling
their composition

DeepL Laboratory diamonds are the most common types of diamonds that we can
create.

Google Lab-grown diamonds are made by a traditional diamond-cutting machine

Translate that controls their formation.

DeepSeek Lab-grown diamonds, what a knockoff bag! We’re controlling their
formation.
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Text 6

E6-Ar S g g Ul Auadla Ul (ol g Jrdilly jlua JSdia 94 o 0al) (A
Literal I mean what problem happened at work today! And | kept telling them it had
Translation nothing to do with me. Where am | and where are you?
ChatGPT So what was the problem at work today? I told them, 'That’s not my concern.'
What does that have to do with me and you?
DeepL I mean, today, what happened at work and they said, “It's not my business. I
am what | am and you are what you are
Google I mean, what happened today at work and they said it's none of my business.
Translate What's up with me and what's up with you?
DeepSeek So today, what problem happened at work, and they said it’s none of my
business. What’s it to me, and what’s it to you?
Text 7
E7-Ar il 3l qaally lla sléiich Lad Uil LS galla
Literal Our grandmothers were quite smart when they draped themselves with gold
Translation back in the day.
ChatGPT Our women were pretty smart back in the day when they decked themselves
out in gold.
DeepL The smartest women in the world are the ones who have never seen gold in
their lives.
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Google Our women are smart when it comes to wearing gold these days.
Translate
DeepSeek Our women turned out to be smart when they invested in gold during those
times.
Text 8
ES-Ar M\GJ&JSQLAML@GJB\‘;“\Jé\éﬁﬁh‘g&\é@“3hw
Literal Sambusa and Musakhan in one dish? It must have been a Palestinian who
Translation came up with this by thinking outside the ‘plate’!
ChatGPT Samosa and Musakhan in one dish? Of course, the person who came up with
it must be Palestinian—thinking outside the plate!
DeepL It must have been invented by a Palestinian who didn't think outside the box.
Google Samosa and Musakhan in one meal, it must have been invented by a
Translate Palestinian who thought outside the plate
DeepSeek Sambusa and musakhan in one dish? Definitely, the one who invented it was
a Palestinian thinking outside the box
Text 9
E9-Ar Ll Y pala Glalla e gy puala B

Literal Translation | He said okay, but he wasn’t ready for anything.
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ChatGPT

He told me 'okay," but he wasn’t actually ready for anything.

DeepL

Say yes, but never say yes to anything.

Google Translate

He said yes but he didn't say yes to anything

DeepSeek He told me 'ready,' but it turned out he wasn’t ready for anything
Text 10

E10-Ar 50981 JSY £ sanal Jale ga 398 adh €y (S griiyy NS (598 (g9 il gaie Al glaa

Literal My father-in-law found 1000 Korean Won and asked if | could use them for

Translation anything. Apparently, Cosmo is having Korean food week.

ChatGPT My father-in-law found 1,000 Korean won and asked me if | could use them
for anything. Turns out, Cosmo is having a Korean food week.

DeepL My father-in-law has a thousand Korean Won. What can | do for you?
Cosmo's Korean Food Week.

Google My father-in-law found a thousand Korean won and asked me if they could

Translate help him. It turns out Cosmo is holding a Korean Food Week.

DeepSeek My father-in-law found he had 1,000 Korean won and asked me, 'Can it get
you anything?' Turns out Cosmo is doing Korean Food Week.
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